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Abstract: The data-driven insights, predictive analytics, and automation 

capabilities of Artificial intelligence (AI) have made it a transformative 

factor in corporate strategic decision-making. This research examines how 

AI affects strategic decision-making processes in companies, as AI-

powered tools can cut costs and driving uncertainty, increasing efficiency 

and ensuring a competitive advantage. Through case study analysis and 

empirical data across multiple industries, this research delineates crucial 

factors that govern AI adoption, such as data accessibility, corporate 

culture, and legal compliance. The study also provides analysis of 

accompanying challenges, including those surrounding ethics, algorithmic 

biases, and the role of human-AI collaboration. The results imply that 

although artificial intelligence greatly improves both the speed of 

decision-making and the accuracy of decisions, the effectiveness of AI is 

required balance, expertise, and ethical governance. This research adds to 

the growing discussion around using AI to inform corporate strategy, 

which is crucial for practice to advance and helpful to both business 

leaders and policymakers. 
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1. Introduction 

 

Artificial Intelligence (AI) has emerged as the centerpiece of corporate strategy, transforming the way 

companies conduct strategic decision-making. With industries transcending to a more digitalized 

world, AI-driven decision-making has become the core that drives efficiency, agility, and innovation 

across organizations. AI has become one of the hottest topics among the companies, they are using AI-

based tools to improve operation efficiency, provide better customer services, and sustain a competitive 

edge. The AI aids in data-driven decision-making by processing large volumes of structured and 

unstructured data and identifying trends as well as generating actionable insights with unprecedented 

speed and accuracy. If implemented correctly, this shift can transform corporate strategy — by allowing 

companies to make more informed, proactive decisions, curbing uncertainty and dampening risk amid 

volatile market conditions. 

This translates to the use of AI in tactical decision-making, such as in financial forecasting, supply chain 

management, risk assessment, and human resource planning. AI algorithms help executives spot 

emerging market trends, optimizing allocation of resources, and predict consumer behavior with great 

accuracy. Organizations like Amazon, Google, and Tesla have leveraged AI to execute strategic plans, 

boosting operational efficiency and innovation. Additionally, AI-powered decision-making is not 

exclusive to large organizations, with SMEs progressively implementation artificial intelligence tools to 

improve their operations and compete more effectively in fast-paced environments. 
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While the potential implications of AI-powered strategic decision-making are transformative, that 

capability does not come without challenges. Issues with significant ethical implications, and 

transparency, still persist. AI systems depend on large sets of data, and if there is bias in this data then 

decision-making can be skewed, potentially exacerbating current inequalities. Moreover, growing 

apprehension regarding job displacement and the decision-making role of the humans in the room in 

AI-enabled processes has ignited discussions on whether this technology should be part of corporate 

mission statements or not. Adopting a hybrid mixture of AI-based data insights, and human-devised 

ethical judgments is the best approach that many organizations are implementing. 

The second major challenge is the political environment around the use of AI in enterprise. Regulators 

across the globe are crafting policies that highlight AI’s ethical implications and provide guidance on 

its responsible application in corporate decision-making. Businesses utilizing AI technologies must 

comply with data protection regulations like the GDPR. Furthermore, failing to do so should worry 

corporate leaders, who must prioritize AI governance frameworks to help minimize the risks in 

implementing AI that runs contra to the broader goals of the organization. 

This research investigates how artificial intelligence utilizes the opportunities and challenges while 

providing a strategic perspective to decision-making frameworks within corporations. This research 

objectives to discover the influence of AI on strategic planning, innovation generation, and decision-

making accuracy through examining case studies and empirical evidence. Moreover, the research also 

assesses the challenges in AI implementation, highlighting the importance of ethical dimensions and 

human-AI joint efforts in corporate strategy. However, in the future world, the movie does emphasise 

on how AI would repeate the patterns while decisions making and while assisting the decision makers. 

Ultimately, this research deepens the discussion on technology's transformative impact on corporate 

strategy in general and AI's impact in particular, providing insights for executives, policymakers, and 

researchers alike. 

 

2. Literature Review 

 

With more prediction accuracy, optimized business processes, and data-driven strategies, Artificial 

Intelligence (AI) has changed strategic decision-making in corporations. Much has been written in the 

academic literature about the intersection of AI and corporate decision-making, including its benefits, 

challenges, and implications. 

Agrawal et al. (2019) underline the very basic connection between prediction and judgment in AI-

informed decision-making and believe that AI enhances the prudence of companies by sharpening their 

predictive competencies. Concurrently, Allam and Dhunny (2019) draw attention to the human factor 

embodied in AI and big data, which they argue has the power to revolutionize smart cities by allowing 

data-driven insights to govern policy and governance initiatives. Predictive analytics, machine learning, 

and automation, among other AI applications, have profoundly impacted corporate strategies to 

optimize their supply chain procedures, financial forecasting, and marketing decisions (Anayat & 

Rasool, 2022). 

Antons et al. To this end, Kirtman et al. (2023) introduce the concept of computational literature reviews, 

a systematic approach to action research in order to analyze how AI impacts business management. 

Using AI to augment decision-making, they contend, brings a higher level of strategic agility, as AI 

systems find structure in massive data sets that executives can then use to make informed and proactive 

plans. Arsenyan and Piepenbrink (2023), on the other hand, explore the future of management research 

half of the equation with a focus on AI’s impact, illustrating how insights derived from AI enable for 

more strategic allocation of resources and risk assessment. 

The impact of AI on jobs has been hotly contested. Arntz et al. (2016) explain automation risk in OECD 

countries with a focus on routine jobs, and the transition means to knowledge economy. Autor (2015) 

discusses the paradox of abundance, wherein automation based on AI-driven technologies fosters 

growth of new opportunities even as it stokes fears of job displacement. Brynjolfsson and McAfee 

(2014) detail the changing nature of the workforce, outlining how organizations that leverage AI must 

also upskill their workforce to compete in an AI economy. 

Another key focus is on the ethical quandaries tied to AI-decision making. Brown-Gaston and Arora 

(2021) discuss ethical concerns in AI using applications in military robotics as an example, citing 

concerns about combining AI with decision making in regards to responsibility and transparency. 

Similarly, Caliskan et al. 2017) demonstrate the inherent biases in AI systems and highlight the potential 
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dangers of algorithmic discrimination in assessment and decision-making settings in the corporate 

world. These issues highlight the importance of strong AI governance frameworks to ensure AI is used 

ethically in business settings. 

New work arrangements are emerging which involve digital channels and are being driven by AI-

induced fundamental changes in business-to-business processes. Baptista et al. (2020) discuss AI in the 

context of digital transformation, finding that AI-fueled tools improve workplace efficiency and 

collaboration. According to Boell and Cecez-Kecmanovic (2015), AI should not be an ad-hoc decision, 

but rather a systematic integration of AI is the way to leverage the power of AI which would through 

interdisciplinary research lead to optimized AI driven strategies. 

Newer studies focused on AI adoption in management have also noted the contribution of AI tools with 

a potential for commercial applications in research and innovation. Burger et al. (2023) examine how 

AI-based similar chatbots, such as ChatGPT, are currently being operated and employed in the gap of 

management research as a data analysis and report implantation tool. Chui et al. (2018), which highlight 

AI applications in various industries along with examples demonstrating business impact through AI. 

The literature highlights the game-changing potential of AI in business decision-making and improves 

strategy, operations, and innovation. Ethics and labor displacement are major concerns of the rise of AI 

adoption, but problems like these are guaranteed to occur so long as proper AI governance systems and 

reskilling projects are put in place. However, with AI becoming more sophisticated, companies need 

to strike the right balance between enabling automation and deploying human expertise for AI to achieve 

strategic advantages. 

 

Objectives of the Study 

1. To examine the role of artificial intelligence in enhancing strategic decision-making in 

corporations. 

2. To analyze the impact of AI-driven predictive analytics on corporate planning and risk 

management. 

3. To assess the influence of AI on improving operational efficiency and business performance. 

 

Hypothesis 

H₀ (Null Hypothesis): AI-driven predictive analytics has no significant impact on corporate planning 

and risk management. 

H₁ (Alternative Hypothesis): AI-driven predictive analytics has a significant impact on corporate 

planning and risk management. 

 

3. Research Methodology 

 

The research study provides a comprehensive understanding of the way AI-based predictive analytics 

is influencing corporate-planning and risk management and consequently employs a mixed-methods 

approach. A quantitative research design is used to collect and analyze numerical data, supplemented 

with qualitative insights. This involves, primarily, data collection via structured surveys and interviews 

with corporate decision makers and financial analysts and risk management professionals spanning 

several sectors. Based on the literature identified, we have developed a structured survey with several 

questions to assess whether organizations are adopting, effectively using, and facing challenges with 

AI-driven predictive analytics in their operations (Likert scale-type based questions).  

The regression is conducted utilising SPSS to reach the decision on whether AI powered predictive 

analytics has statistically significant impact on corporate planning and risk mitigation for hypothesis 

testing. Exploratory data analysis, including descriptive statistics is used to identify trends and variation 

in data. A reliability test utilizing Cronbach’s alpha helps ensure consistency of survey response 

grouped by variable, and correlation analysis is used to investigate the strength of associations amongst 

AI adoption and decision-making efficiency. The study also conducts a thematic analysis of qualitative 

responses, which highlights patterns in experts' opinion. 

We employ a stratified random sampling method to confirm depiction across different sectors such as 

banking, manufacturing, and retail. Ethics are strictly adhered to, with informed consent processes, and 

confidentiality of data. The study seeks to provide empirical insights into the impact of AI predictive 

analytics on corporate strategy, as well as understand how organizations can leverage data and analytics 

to make informed decisions and reduce the risk of adverse outcomes. 



814                                                                                  Metall. Mater. Eng. Vol 31 (1) 2025 p. 811-816 

Table 1: Descriptive Statistics 

Variable N Mean Standard Deviation Minimum Maximum 

AI Adoption Level (1-5 scale) 200 4.12 0.76 2 5 

Predictive Accuracy (%) 200 78.6 8.92 55 95 

Decision-Making Efficiency (1-5 scale) 200 4.25 0.81 2 5 

Risk Mitigation Effectiveness (1-5 scale) 200 4.18 0.79 2 5 

Organizational Performance Improvement (%) 200 15.2 4.5 5 28 

 

A total of 12 variables are identified with descriptive statistics analysis using SPSS software showing 

that AI-driven predictive analytics is taking an integral role in corporate planning and risk management 

efforts. The mean of the AI adoption level is good (M = 4.12, SD = 0.76), suggesting a high level of 

organization-wide adoption of AI, with most responses clustered on the upper end of the scale. Likewise, 

mean scores of 4.25 (SD = 0.81) and 4.18 (SD = 0.79) for decision-making efficiency and risk mitigation 

effectiveness emphasize the essentiality of AI-driven analytics to boost corporate decision-making and 

risk management processes. 

The average predictive accuracy of AI-based analytics was 78.6% (SD = 8.92), indicating the relatively 

high potential of AI systems in identifying underlying business trends and potential risks. The difference 

between the range, by the way, (55% to 95%) means to me that there is diversity in AI performance 

between organizations and this could be due to data quality, AI maturity, or even sector-specific 

challenges. 

The variable related to organizational performance improvement has a mean of 15.2% (SD = 4.5), 

which signifies that AI-driven predictive analytics have a measurable role in improving performance. 

There is considerable variance in this metric (5% to 28%) indicating that while some organizations have 

made significant inroads, many may struggle to realize the full benefits of AI. 

In summary, descriptive statistics indicate that AI has a significant positive correlation with 

improvements in decision-making, risk mitigation, and organizational application, further supporting 

the value of AI predictive analytics in corporate planning. 

 

Table: Multiple Linear Regression Results 

Predictor Variables 
Unstandardized Coefficients 

(B) 

Standardized Coefficients 

(Beta) 

t-

value 
p-value VIF 

Constant (Intercept) 1.245 — 4.621 0.000 — 

AI Adoption Level (X₁) 0.413 0.421 6.842 0.000** 1.325 

Decision-Making Efficiency (X₂) 0.278 0.315 5.632 0.001** 1.215 

Risk Mitigation Effectiveness 

(X₃) 
0.355 0.372 6.145 0.000** 1.184 

Predictive Accuracy (X₄) 0.298 0.289 4.925 0.002** 1.276 

 

Model Summary 

Statistic Value 

R² 0.714 

Adjusted R² 0.703 

F-statistic 52.764 

p-value (F-test) 0.000** 

Durbin-Watson Statistic 1.937 

 

Analysis of Hypothesis Testing 

To test the hypotheses proposed above, multiple linear regression analysis was used to test the effect of 

AI-driven predictive analytics on corporate planning and risk management respectively. The regression 

model was significantly predictive (R² = 0.714), indicating that the independent variables—AI adoption 

level, decision-making efficiency, risk mitigation effectiveness, and predictive accuracy—explain 

71.4% variance in corporate planning and risk management. 
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The overall model was statistically significant (F-statistic (52.764, p < 0.05). Statistically significant t-

values and p-values less than 0.05 indicated the influence of each predictor variable on corporate 

planning and risk management. Particularly, AI adoption level of (β = 0.421, p = 0.000), decision-

making efficiency (β = 0.315, p = 0.001), risk mitigation effectiveness (β = 0.372, p = 0.000), and 

predictive accuracy (β = 0.289, p = 0.002) were all positively, and significantly related with the 

dependent variable. Data from October 2023 suggests that businesses that leverage AI-driven predictive 

analytics see improved enterprise risk management and-aided strategic decisions and corporate 

planning. 

Additionally, all independent variables had a Variance Inflation Factor (VIF) less than 2, providing no 

concerns of multicollinearity, further solidifying the validity of the regression model. The Durbin-

Watson statistic (1.937) suggested no serious autocorrelation problems. 

In light of these results, the alternative hypothesis (H₁) stating that there is a marked correlation between 

AI-powered predictive analytics and corporate planning and risk management is thus reinforced.  

 

4. Overall Conclusion of the Study 

 

Based on descriptive statistics as well as multiple linear regression analysis, the study investigated the 

effects of AI-driven predictive analytics on the corporate planning as well as risk management. The 

established AI-powered predictive analytics greatly aids businesses in their strategic planning and risk 

management practices. 

The descriptive analysis indicated that similar organizations with high adoption of AI based predictive 

tools were the most efficient in making decisions, assessing risks and planning strategy. The R² value 

of 0.714 in the regression proved that the independent variables of AI adoption level, decision-making 

efficiency, risk mitigation effectiveness, and predictive accuracy were all significant drivers of 

variations in the outcomes of corporate planning and risk management, suggesting that driven by AI, 

these factors accounted for 71.4% of the variance in corporate planning and risk management. 

Furthermore, the insights gained from this research demonstrate that AI-enabled predictive analytics 

empower organizations to forecast future scenarios, align strategic initiatives, and prevent possible 

challenges with greater precision and timeliness. AI adoption has become a statistical superpower in its 

ability to ring true and elevate organizations in their operations and data use, respectively. 

On the business side, it would be good if a company would start to implement AI-based-for-predictive-

analytics to better enhance their corporate planning frameworks, be more precise with forecasting and 

risk management. According to the study, the organizations need to invest in AI infrastructure, build a 

workforce that can leverage AI solutions, and craft a strategy for ethical AI governance as the 

technology landscape evolves. 

Ultimately, this study offers compelling empirical evidence as to the importance of AI-powered 

predictive analytics in reforming corporate decision-making and risk management. Emerging future 

research could also focus on AI applications in industry-specific corporate areas, the prolonged 

influences of AI-enhanced strategies on corporate sustainability, and competitive advantage. 
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